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ABSTRACT

This paper argues that both regional level andviddal factors influence the likelihood
to perceive business opportunities. Our analysew shat increasing network closure is
associated with a lower likelihood to perceive apyaities. Further, whereas we find no
effect for individuals’ work status on opportunigcognition, we find a curvilinear effect
for education, i.e., individuals with an intermediagducational level are less likely to
perceive opportunities compared to those with ddrigr lower educational level. We

discuss our findings both from a theoretical aratpcal perspective.
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INTRODUCTION

Shane and Venkataraman (2000) posited that a unégpect of entrepreneurship
research pertains to the question of how entergrisgidividuals recognize opportunities
for business creation. Prior research has oftemsied on the role of the individual
entrepreneur in the process of opportunity recagnite.g., Shane, 2000; Cooper, 1981).
In this paper we add to the research on entreprth@pportunity recognition by using a
network perspective. We build on the literaturettispeaks to the importance of
individuals’ embeddedness in networks of relatigpshwith others (Granovetter, 1973;
1985). Most people have many personal contacts attiter people (Burt, 1986), and an
individual's personahetwork consists of all of the people that the individkalows
(Barnes, 1972). The entrepreneurship researchdiateg to the importance of networks
to entrepreneurs, and even argued that social niedvmaay be the most significant source
of knowledge for entrepreneurs (Johannisson, 19B0jther, it has been argued that
social encounters between an individual and hisar network contacts may be an
important source of new ideas and opportunitiesri@@nsen & Peterson, 1990).
Networks have also been linked with the number @iv ropportunities perceived by
entrepreneurs (Singh et al., 1999). The rational¢hat an individual's network can
provide access to knowledge that is not currendlyspssed, thus leading to the potential

for opportunity recognition.
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Prior researchers have argued that networks diffeerms of their characteristics and
that these differences may reflect the extent twhvhffective knowledge exchanges take
place (e.g., Burt, 1992; Coleman, 1988; DavidssorH&nig, 2003). An important
rationale of this paper is that different regiorsyndiffer in terms of the characteristics of
their network structure, which will lead then tgyi@nal variation in the likelihood that
individuals perceive opportunities. Prior studiesavdé shown that individuals’
embeddedness in social networks provide the oppitytio acquire information and
ideas, which they would fail to acquire if they weputside the social network
(Granovetter, 1985). That is, knowledge is not agrevenly across individuals, and

access to knowledge is dependent on the extentitthwne has contacts with others.

In this study, we argue that regional as well asvidual level differences in terms of
network-related factors affect the likelihood fgyportunity recognition. In terms of the
regional differences, we make a distinction betwessgyions that are characterized by the
presence of strong ties versus regions that anactiesized by weak ties and structural
holes. In terms of the individual level differencege examine the extent to which
individual characteristics such education and wsigtus are related to the potential for

opportunity generation through one’s network.
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REGIONAL EFFECTS ON OPPORTUNITY RECOGNITION

In this paper we claim that there are differencesvben regions in terms of the
likelihood that their occupants perceive opportesitfor business creation. More
specifically, we make a distinction between regionserms of their ‘network closure.’
‘High-closure’ regions are areas characterized tbogng relationships among a limited
number of people (i.e., rural areas); ‘low-closuegions are areas with loose ties among
their residents (i.e., big agglomerates or, to ssde extent, urban areas). That is, we
assume that the closure of networks is higher malrareas compared to agglomerate
areas. The rationale for the higher level of nekn@osure in rural areas is that there are
fewer potential network participants living in tleesreas and that it is more likely that the
current residents have been living there for aiBggmt amount of time. Similarly,
agglomerate areas are characterized by a lowelr dévetwork closure since these areas
are characterized by a higher number of potentiatacts and by a higher likelihood that
new contacts move into the area. In short, agglateareas will be more likely to have

extensive networks of ‘loose’ contacts among thesidents.

We reason then that since networks in ‘high-closusas’ have different characteristics
compared to networks in ‘low-closure’ areas, thd#érences will explain regional
variation in the extent to which opportunities perceived. More specifically, we draw
on the literature that suggested that the closurenedworks affects the flow of

information among actors and the potential effestass of information exchange (Burt,
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1992; Coleman, 1988; Gulati, 1998; Putnam, 1993k Wévelop two competing
hypotheses in terms of the regional effects on dppady recognition, corresponding

with two different theoretical perspectives.

First, according to Coleman (1988), in regions whigh closure, networks are
characterized by strong ties, and everyone is w@tinected to others. In high-closure
regions, the network arrangement is such that evedg is more likely to be tied directly
to every other node, compared to low-closure regi&s mentioned above, since rural
areas are characterized by networks composed dlesrgeoups of tight-knit friends, we
would expect to find a close connection of ‘netwonddes.’ Further, because such groups
of individuals are characterized by reciprocateédtilinks in dense subsets of relations,
we would expect to find fewer structural holes ural areas compared to urban areas
(Burt, 1992). Following Coleman’s arguments (198890), we would expect then that
high-closure regions are more likely to give riseopportunity recognition among their
residents compared to low-closure regions. The raagument is that network closure
encourages people’s access to information in alfimanner and at the same time in a
manner that improves the accuracy of informatiamieeal (Coleman, 1988). That is,
network closure facilitates the enforcement of §ans and thus makes it less likely that
individuals are given access to information thatieiss useful or provided based on
opportunistic grounds. Ultimately, since networlostire creates efficiency in the

knowledge exchange among the network participasted on the formation of trust and
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reciprocity (Granovetter, 1985), high-closure regioare more likely to generate

opportunities for new business creation.

Hypothesis 1la: High-closure regions are characterized by a higher level of

opportunity recognition among their residents compared to low-closure regions.

Alternatively, whereas in Coleman’s view networkostire creates more intimate
communication and is therefore beneficial for oppoity generation, according to
Granovetter (1973) and Burt (1992), close commesithay not necessarily be effective

in the generation of new knowledge and ideas.

Granovetter (1973) argued that new information @ameasily obtained through casual
acquaintances (weak ties) than through close palstrends (strong ties). More
specifically, he posited that whereas weak tiessargces for new knowledge creation,
strong ties often circulate redundant informatidrurthermore, given the high
maintenance costs associated with close relatipsshinere exists a maximum in the
number of ‘strong ties’ one can have with otherswidver, it is possible for individuals
to have many ‘weak ties’ within their social netwdGranovetter, 1973). Furthermore,
Granovetter (1973) argued that because an individlues not interact with weak ties on
a regular basis, weak ties may give better acaeamigue information compared to

strong ties. Thus, based on the above, we woukbrethat it is more likely that regions
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characterized by a greater number of weak ties gaee to business opportunities for

their residents.

Burt (1992) extended Granovetter’'s argument by iaggthat a network tie can provide
access to new information if the tie is non-redumidae., if it spans a structural hole.
More specifically, Burt (1992) suggested that nekgdn which actors bridge structural
holes between pairs of nodes generate informatemefits in terms of referrals, access,
and timing. In this study, we use an analogous amag to predict opportunity
recognition at the regional level. More specifigalve hypothesize that the larger the
number of structural holes in a region’s netwotk.(ithe lower the ‘network closure’),
the greater the extent to which there is scoperbitrage information flow across
structural holes, and thus the higher the likelthtizat the region’s residents detect new

opportunities.

Based on the arguments given above, we formulatargeting hypothesis in which we
posit that high network closure is associated wathlower level of opportunity

recognition, or put differently:

Hypothesis 1b: Low-closure regions are characterized by a higher level of
opportunity recognition among their residents compared to high-closure

regions.
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INDIVIDUAL EFFECTS ON OPPORTUNITY RECOGNITION

In the above paragraphs we examined the effectrefjmnal level factor (i.e., network
closure) on the likelihood that opportunities aeggeived in that region. However, since
individuals may have different networking opporties based on their personal
characteristics, we also examine how differenceandividual-level characteristics affect
opportunity recognition. Prior research has suggkghat the key to understanding the
opportunity recognition process lies in the exaramaof an individual's knowledge and
skills (Shane, 2000; Shane & Venkataraman 2000). iRstance, Shane’s (2000)
emphasized the importance of prior knowledge indpportunity recognition process.
More specifically, he showed that an individualigop knowledge strongly contributes to
one’s ability to recognize opportunities. Furthesne & Lubatkin (1998) pointed to the
importance of basic skills and specific technicabwledge in the process of perceiving
new ideas, and Davidsson and Honig (2003) emplédiz role of experience in the

opportunity recognition process.

Entrepreneurship scholars who examined the infleesfcknowledge and skills in the
process of entrepreneurship, have often labelesetifi@ctors as ‘human capital’ (e.qg.,
Cooper et al., 1994; Gatewood et al., 1995). Anartgnt contribution to the research on
the role of human capital dates back to Becker@4) work in which the idea was
advanced that education and training are impogspécts in economic analysis, just like

equipment or other material assets. Becker (19@)ea that human capital is comprised
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of attributes which can be associated with indigldu behavior and success.
Furthermore, prior research has suggested that@wisehuman capital is associated
with his or her participation in networks (Colemd®88). Therefore, building human
capital conducive to entrepreneurship, e.g., d@netpskills to perceive opportunities, is

also a social process (Neance, 1999).

In this paper, we examine two dimensions of indreild’ human capital that may
influence the access to network resources, anditicusase opportunity recognition, i.e.,
education and work status. Education and workpéeqeerience are indeed indicators of
human capital that have often been used in labmefparticipation analyses, and these
dimensions have been associated with the behauwa success of (potential)

entrepreneurs (Bates, 1997; Evans & Leighton, 1838ene, 2000).

Education may help people develop skills and kndgdethat are advantageous for
recognizing opportunities to create a new venturee empirical findings for the

relationship between someone’s educational level #me likelihood to perceive

opportunities for start-ups have been inconclusivewever (Greene, 2000). Some
researchers have argued that higher educated pa@phaore likely to see opportunities
for entrepreneurship, whereas others argued thata¢idnal credentials may make it
easier to find employment working for others, tigreeducing the motivations to look

for start-up opportunities (Bates, 1995; Bates &8m, 2000; Fairlie & Meyer, 1996).

However, the focus of our study is on factors thfiect the likelihood to recognize

opportunities, irrespective of the fact whether ants upon these opportunities through
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start-up activities. We argue that individuals’ edtional level will positively affect the
likelihood to perceive opportunities because higgdyicated individuals have a broader
knowledge base to draw from (Cohen & Levinthal, @99 his expanded knowledge may
not only result from the skills acquired throughuealtion and training, but also from the
connections that have been developed with otheovikedgeable’ others, e.g., alumni
from someone’s educational institution (Burt, 1992phen & Levinthal, 1990).
Furthermore, one could also argue that someoneisagidnal credentials may increase
the search for opportunities because one will magee self-confidence that one has the
capabilities to come up with good ideas for newtusncreation (Bandura, 1978). Based
on the above, we contend that there is a posiglationship between education and

opportunity recognition.

Hypothesis 2: Individuals with a higher educational level are more likely to

recognize opportunities compared to those with a lower educational level.

Further, we hypothesize that someone’s work statilisaffect the likelihood to be
exposed to a wider set of knowledge, and thus,etegive opportunities for business
creation. We define work status in terms of whetherindividual plays an active role in
the labor market (i.e., is currently employed) usrshas a passive status (i.e., is
unemployed, student, retired or disabled). We artipa¢ people with an active work
status will have more opportunities to develop abla contacts, compared to people
who are ‘outside’ the working system (Burt, 199iyst, we reason that the work place

forms a natural environment for opportunity recdigni, since this environment allows

11
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people to spot new opportunities in their own ontgguous industries. Furthermore, the
work place constitutes a setting conducive to lngdh network based on professionally
oriented contacts. Individuals who are not patihefactive economic system will be less
likely to build such network contacts. Thereforee Wypothesize that individuals who
have an active work status will be more likely terqeive opportunities compared to

others who are not part of the working system.

Hypothesis 3: Individuals with an active work status are more likely to

recognize opportunities compared to those with a passive work status.

12
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METHODOLOGY

Sample

Our analyses are undertaken on a representativplesarhthe adult population in two
countries, Belgium and Finland. Although the foofishis study is not on making cross-
country comparisons in terms of the determinantspgfortunity recognition, we pooled
the data from two small countries within Europe.r®apecifically, we collected data
from a representative sample of the population@fjBm (N = 4057) and Finland (N =
2005) through the 2002 Global Entrepreneurship kdorproject. Telephone interviews
were conducted during the Summer of 2002 usingrdsirdized questionnaire translated
from English into the native language(s) of eachntry (i.e., Dutch and French for
Belgium; Finnish for Finland). In this paper we dsa selected group of variables
collected through these phone surveys with alloedpnts that were between 18 to 64
years old at the time of the interview. This led actotal number of 3102 eligible
responses in Belgium and 1434 in Finland. As altesur analyses are based on a total
sample of 4536 adults. In order to assure thatréspondents correctly reflected the
population from which they were drawn, each respohdvas assigned a weighting
factor that took into account their gender and &gether, the weights were also adjusted
according to the country to which the responderbrmed, i.e., the weights were

normalized among the Belgian and Finnish respomsd@&spectively.

13
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Measures

In the following paragraphs, we explain how we agpienalized the different variables. A

short description of the variables and their mearment is given in the Appendix.

Dependent variable

Opportunity recognitionWe asked the respondents whether ‘in the nexhsinths there

would be good opportunities for starting a businesthe area where they lived.” This
measure is a binary variable (1 = Yes, 0 = No)oriater to calculate the overall level of
opportunity recognition in a particular type of i@y (i.e., big agglomeration, urban
location, or rural location: see below), we dividkee@ number of ‘yes’ responses by the

number of respondents in that region.

Predictor variables

Network closureln order to assess the level of ‘network closofghe region to which a
respondent belonged, we made a distinction betwaee types of residential areas: (1)
‘rural location,” (2) ‘urban location,” and (3) ‘¢ agglomerate.” ‘Big agglomerates’
represent areas where there is a multitude of wiieakand loose contacts between the
residents, whereas ‘rural locations’ refer to atbas are characterized by the presence of

strong, close ties. We assigned a value ranging fio to ‘3’ to these three categories

14
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respectively. However, for the regression anal{g® later), we constructed three binary

variables, and we used ‘big agglomerate’ as the base.

Education: The respondents were assigned to three categorie®erms of their
educational level: (1) some secondary educatiop,sé2ondary degree, and (3) post-
secondary degree. These categories were given @ vanging from ‘1’ to ‘3
respectively. Again, we constructed three binanyaldes for the regression analyses; the

middle category (‘secondary degree’) was usedabdise case.

Work statusWork status was coded as a binary variable. Aevalu'l’ was assigned to
respondents with an ‘active’ work status (i.e., &yed on a full-time or part-time basis),
and a value of ‘O’ to respondents with a ‘passiverking status (i.e., unemployed,

student, retired, or disabled).

Control variables

We also included three control variables in ordercheck whether our hypothesized
predictor variables affect the level of opportumi&zognition beyond the impact of these
controls. Age was measured as a continuous variable (rangingeeet 18 and 64).
Genderis a binary variable: male respondents were asdignvalue of ‘0,” and female
respondents a value of ‘1. Finally, we includediaary variable to control for the

countryin which the respondent resided (‘0’ for Belgiunddl’ for Finland).

15
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Data analysis

We used two techniques to test our hypothesest, Ms tested whether there are
differences in the terms of the level of opportymgcognition among the three types of
regions, i.e., big agglomerates, urban locationd,raral locations. We used a Chi-square
test to assess the presence of differences in typykyr recognition across these area
types. Second, we formally tested our hypothesessinyg multivariate analyses. Since
our dependent variable is discrete, we could haseduan ordinary least squares
regression to fit a linear probability model. Howevbecause a linear probability model
is heteroskedastic and may predict probability @albeyond the (0,1) range, we decided
to use a logistic regression model to assess teetedf our predictor (and control)
variables on the level of opportunity recogniticBréene, 1997; Stynes & Peterson,
1984). The predictor variables were entered udiegliackward stepwise’ method. That
is, all variables together were first entered it model, and then it was tested whether
some variables should be removed from the moded. gdtential removal of a variable
was based on the significance of the change inldgdikelihood’ value (Greene, 1997;

Stynes & Peterson, 1984).
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RESULTS

First, we analyzed the variation in the level opogunity recognition with respect to the
residential area to which the respondents beloii§adle 1). The results across the two
countries (i.e., ‘whole sample’) indicate that tlewel of opportunity recognition is
generally higher in big agglomerates (38.9%), camgado urban locations (24.8%) and
rural locations (20.4%){=95.61,df=2, p<.001). We also made some further analysis to
check whether these inter-regional differences @wasistent in the two countries
included in this study. Whereas we found signiftcaariation across the three residential
areas in Finlandyf=34.30,df=2, p<.001), in Belgium, this variation is not signifita
(x’=4.52,d=2, p=.11). We will further address this issue in thecdssion section of the
paper. In general, the above analysis shows treatletel of opportunity recognition
varies across different residential areas. It $® ahteresting to note that the overall level
of opportunity recognition is higher in Finland tha Belgium. In Finland, 51.2% of all
respondents perceived good opportunities to stausaess, compared to only 16.7% in

Belgium F=914.52,df=3584,p<.001).

(insert Table 1 about here)

Second, we developed several regression modeldhdopooled data (i.e., Belgian and
Finnish respondents) and we used logistic regresaitalysis because our dependent

variable is dichotomous. The descriptive statisticte variables are provided in Table

17
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2, the correlation table is given in Table 3. Ibhdze seen that our average respondent is
41 years and has secondary or above secondaryel@wehtion. Further, women and men

are equally represented in our sample.

(insert Table 2 about here)

(insert Table 3 about here)

The results of the logistic regression are presemtelable 4. We include four models:
each model includes different blocks of independemtables. The order in which the
variables were entered pertains to the level oflyas i.e., individual-level control
variables (Model 1), individual-level predictor asles (Model 2), regional-level

variable (Model 3), and country-level variable (Mbd).

(insert Table 4 about here)

In the first step, we entered two control variableseasuring the demographic
characteristics of the respondents, i.e., age andlay (Model 1). The overall model is
significant at the p < .005 level according to thedel chi-square statistics. The model
predicts 71.6% of the responses correctly. Thelteeguicate that someone’s age has no
significant effect on the likelihood to perceivepoptunities. However, we do find gender
effects: the coefficient of the ‘gender’ variabseniegative and significant (p< .001), i.e.,

males are more likely to perceive opportunities parad to females.

18
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In the second step, we entered the two variableasumang individual-level factors
related to networking, i.e., education and workusgModel 2). According to the block
chi-square statistics, Model 2 is superior to Matéh terms of the overall fit. The block
chi-square statistic is significant at the p < .08Mel. The model predicts 71.6% of the
responses correctly. In the backward regressionykvstatus’ was removed from the
final model. In other words, someone’s work stahas no effect on the level of
opportunity recognition. This is contradictory tgpbthesis 3. The results for ‘education’
are more complex. Model 2 shows that individua¢gs/el of education is related to the
level of opportunity recognition. However, the tedaship is not positive as predicted by
Hypothesis 2, but curvilinear. Low and high leveal§ educational are related to
significant more opportunity recognition comparedat medium level of education (the
medium category ‘secondary degree’ was used dsabe case in the regression). Further
analysis showed that those holding ‘less than arskary degree’ are twice as likely to
perceive opportunities compared to those holdirgg@ndary degree. Similarly, those
holding a post-secondary degree are twice as likeperceive opportunities compared to

those with a secondary degree.

The third model contains one additional variable,,inetwork closure (Model 3).
According to the block chi-square statistics, Mo8as superior to Model 2 in terms of
the overall fit. The block chi-square statisticsignificant at the p < .001 level. The
model predicts 71.6% of the responses correctlg. rEsults of Model 3 indicate that the
level of network closure (cf., the nature of theidential area) is significantly related to
likelihood to perceive opportunities. In the regies analysis, the category ‘big

19
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agglomerate’ was used as the base category agéngt the two other categories were
compared. The coefficient of the ‘urban locatioariable is negative and significant at
the p < .001 level. Further analysis showed thdividuals living in an urban area are
about 0.6 times less likely to perceive opportesittompared to those living in a big
agglomerate. The coefficient of the ‘rural locatieariable is even more negative and
also significant at the p < .001 level. Those lgvin a ‘rural location’ are less than 0.5
times as likely to perceive opportunities comparethose living in a ‘big agglomerate.’

Our results thus support Hypothesis 1b, and nottimepeting Hypothesis 1a.

In the fourth model we added the country (contvalliable to the regression equation. It
can be seen that Model 4 is better than Modeltdrms of the overall fit. The block chi-

square is significant at the p < .001 level. Thedetqredicts 73.3% of the responses
correctly. The results of Model 4 indicate that,edée being equal, someone’s country of
residence is related to the likelihood to perceipportunities. The coefficient of the

‘country’ variable is significant at the p < .00dvkl. Further analyses showed that, all
else being equal, individuals living in Finland ar®re than three times as likely to

perceive opportunities compared to those livingéhgium.
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DISCUSSION

Regional factors

We adopted a network-based approach in proposigrégional as well as individual
level aspects affect the perception of opportusitieo address this issue, we turned our
attention to the literature on social networks. @uodings seem to support Granovetter’'s
(1973) reasoning that weak ties can function aglgas’ to knowledge that are not
included in someone’s personal network of directtaots. More specifically, in regional
settings where it is more likely that new infornoatiwill be provided through one’s
network (e.g., because of the higher number ofiplessontacts or the higher ‘in-stream’
of new contacts), there will be more potential tergeive business opportunities.
Furthermore, our findings support Burt's (1992ee#sh on ‘structural holes.” That is, it
is not as such the strength of the relationshipvbeh network ties that affect the
potential for knowledge generation, but rather thaps’ that exist between network
relationships. While a close network of tight-kmiés may facilitate the process of
knowledge exchange between individuals (Colemar88)9an individual who is
embedded in such a close network may be expose@dondant information, and
therefore be less likely to detect new opportusitiendividuals who live in ‘big city
areas’ — characterized by the presence of mangtstal holes and a variety of potential
network contacts — will have access to a more esiparand diverse level of knowledge.
This can give them an advantage in terms of peragiopportunities compared to

individuals living in ‘more stagnant’ rural areds.short, we found that, at the regional
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level, the likelihood of opportunity recognition creases with decreasing network

closure.

Individual factors

Surprisingly, we found no support for our hypotlsepertaining to the role of the two
individual-level factors pertaining to individualatcess to networks, i.e., education and
work status. First, we found a U-shaped relatignstather than a positive relationship,
between someone’s educational level and the ligetihto recognize opportunities. In
other words, our results suggest that individuath Wwigh or low educational credentials
will perceive more opportunities compared to thesth an intermediate educational
level. This is somewhat surprising since a highéucational record should provide
someone with an improved ability to find new wagysitilize existing resources or should
provide better access to the potential informatieeld by ‘knowledgeable’ others
(Davidsson & Honig, 2003). One explanation for tiigh opportunity recognition among
individuals with low levels of education may be ttllais group is ‘forced’ to look for
start-up opportunities because they cannot finduleeg employment in existing
organizations. This reasoning is highly speculath@vever, and more refined research
is needed in this area. In this regard, it is ingnarto recognize that we predicted the
likelihood to perceive opportunities irrespective tbe nature of these opportunities.
Future research should investigate in more delal relationship between someone’s
educational level and the high-potential charaofevpportunities. One could argue, for

instance, that while low education may encouragplecto look for start-up
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opportunities, the lack of adequate skills may tithie possibility that a business with

high growth potential is set up.

Further, we found that someone’s work status isrelated to the likelihood to perceive
opportunities. We argued that individuals’ activatgipation in the economic system
(i.e., by being employed rather than being withoatupation) offers the potential to
recognize opportunities that are related to theretiir business activities. Also, we
reasoned that the work place may function as anramment conducive to the
development of network contacts with others. Or@amation for the lack of an effect of
our ‘work status’ variable on opportunity recogaoitiis that the work environment may
be only one of the potential sources of informatielevant for start-up activities. That is,
most people have many personal contacts with gieeple through a combination of
professional as well as more informal (friends-family-related) relationships (Burt,
1992; Davidsson & Honig, 2003). Furthermore, weduaecrude proxy for determining
the working experience of our respondents, i.andgemployed (full-time or part-time)
versus being unemployed, student, retired or deshlak a given point in time. Future
research should include a wider range of possiblevork types to which individuals
belong and assess the extent to which working éxpeg has been accumulated over

time.

Finally, it is also interesting to look at the riksudor our control variables. Interestingly,
we found no age effects; the regression analysmveti no significant difference

between younger and older respondents in termsedfkelihood to recognize
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opportunities. However, we did find that, all els®ng equal, males are more likely than
females to be opportunity-minded. This finding ensistent with Crosa et al.’'s (2002)
finding that gender affects the likelihood of bwesa formation. Our results confirm that
there is a huge untapped potential among womeermst of opportunity recognition for

start-ups. There are no objective reasons as towdmgen would be less able than men
to recognize business opportunities. Future rebBealould examine to what extent

cultural factors may explain why women are lespapunity-minded’ than men.

Additional analyses

Although the focus of our study was not on makiogparative analyses across different
countries, an interesting result was that the Bimmespondents were more likely to
perceive opportunities compared to their Belgiarunterparts. This is somewhat
surprising given the similarity between the Finngstd Belgian context. Since we did not
anticipate to find such a strong country effect, decided to explore further the
differences between Finland and Belgium. In ordetd so, we constructed an additional
regression model in which we added the interacismms between the country dummy
and the predictor and control variables (detailesuits not reported in the paper). We
found that, compared to the Belgian situation, oppoty recognition in Finland is

relatively more likely to occur among the youngerdafemale population. Further,

consistent with the results from Table 1, we fouhdt the difference in terms of

opportunity recognition between different types rekidential areas is much more

pertinent in Finland than in Belgium. A possiblepknation of this last phenomenon is

24



Working Paper Steunpunt OOI : June 2004

that the negative association between closely-hetdiorks and the level of opportunity
recognition (Burt, 1992; Granovetter, 1973) may daticularly strong in the remote
areas in Finland. Belgium, on the contrary, is mawogeneous in terms of the structure
of its city, urban and rural areas. Future reseasclshould compare the drivers for
opportunity recognition across a wider variety oltries and cultures than the ones
included in this study. This could allow to examimdnether cultural factors (e.qg.,
acceptance of uncertainty, social norms) or othetofs (e.g., distribution of population
density, immigration patterns) affect the extentMioich a country’s citizens recognize

opportunities to start a new business.

Since a weakness of this study may be our relgtimelde proxy used to assess different
types of regions (i.e., in terms of being ‘aggloater ‘urban,’” or ‘rural’ area), we had a
closer look at the nature of the regions underystud the paper, we associated ‘high-
closure’ regions with rural areas, and ‘low-closuegions with big agglomerates and, to
a lesser extent, urban areas. The reasoning wasrutel areas are more likely be
characterized by the presence of tight-knit netwagkven the more limited number of
potential network participants and the lower lewklin-stream’ of new contacts in the
region. On the other hand, big agglomerate areasangued, are more likely to have a
‘more loose’ network structure and to be charazéetiby the presence of weak ties and
structural holes. Although our reasoning may holétgreat extent, it would have been
better to include additional dimensions to captaetwork closure,” such as population
size, population density, and migration rate. ldeorto get a more detailed picture of the

relationship between the level opportunity recdgnibn the hand and regional
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characteristics on the other, we carried out sodaitianal analyses to assess differences

in opportunity recognition across different typésegions.

First, for Belgium, we checked whether there arféedinces in terms of the level of
opportunity recognition across the ten NUTS Il ocem. For the capital region of
Brussels, we made a separate category. We thus coagaarisons across 11 regions in
terms of ‘whether one perceives good opportunitesstarting a business in the area
where one lives.” The highest percentages wereddian ‘Brabant Wallon’ (29%),
‘Liege’ (23%) and Brussels (22%). The first two i@t belong to the French speaking
part of Belgium, the third region is the bilingwapital region. The differences across the
eleven regions were significant’€46.05, df=10, p<.001). We also made a comparison
across the three institutional regions of Belgidtanders (Dutch language), Wallonia
(French language) and Brussels (bilingual Dutch&hg Surprisingly, we found that
Wallonia (20%) scores only slightly lower than toapital region of Brussels (22%);
Flanders comes in third position (12.8%). The reakw the relatively high score for
Wallonia may partly be the result of the campaigr4’ Entreprendre’ launched by the

Walloon government, an initiative aimed at stimugtentrepreneurship.

Second, for Finland, we made comparisons acrogsgeographic regions (South, East,
West, North), also following the NUTS regional ddigation system. Similar with the
Belgian case, we then separated the capital regfiddelsinki from the rest of South
Finland. We found that the overall level of oppaity recognition varies across the

geographic regions. It is highest in the capitgloe of Finland (64%) and lowest in East
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Finland (43%) and West Finland (43%). North Finlgbd%) and South Finland (49%)
fall in the middle group. The differences betweka tegions are statistically significant

(x*=25.65, df=5, p<.000).

Since our analyses had shown that there are diffese in terms of the level of
opportunity recognition across the different typégesidential areas in Finland (Table
1), we also undertook further detailed analyseshw country. For instance, we found
that there is variation in terms of opportunity aguition across the different urbanized
regions in Finland: the three big cities (Capiegion of Helsinki, Turku and Tampere)
have a higher overall level of opportunity recomgmtcompared to other towns, rural
population centers and countryside (F=43.90, df81@4.001). Further, we also found
differences across the big three cities: surprilginthe highest opportunity recognition
level was found in Turku (83%), followed by the ttapregion Helsinki (70%) and

Tampere (68%). We would have assumed that theatapgion would report the highest

level, since it can be considered as the econoenitec of Finland.

We also examined whether someone’s likelihood toogeize opportunities was
dependent onlifferent categories of individual level factors accordingthe region the
individual belongs to (this analysis was only ddoeFinland). We used stepwise logit
regression analysis; that is, we first enteredamuntrol variables (age, gender), and then
in the next step we entered the individual-levelxms for someone’s embeddedness in
networks (education, work status). The resultssti@vn in Table 5. It can be seen that

there are geographic differences in terms of windividual factors are associated with
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the likelihood to perceive opportunities. For imste, the ‘education’ variable is
significant in South Finland and Middle Finland (pS). In both of these regions,
respondents with graduate degrees are more likghetceive opportunities compared to
respondents with a lower level of education. Alsmrk status is — surprisingly —
negatively related to opportunity recognition inddie Finland (p<.01). In that region,
working respondents are only one third as likelydport perceiving opportunities than
those who are ‘not working'. Finally, it can be sabat ‘gender’ is significant in East
Finland (p<.05) and ‘age’ in North Finland (p<.1®)ore research is needed to examine
the interaction effects between regional and imhligi-level factors on the likelihood to

perceive opportunities.

(Insert Table 5 about here)

Practical implications

From a practical point of view, our findings suggtsat personal networks can play a
crucial role in accessing and synthesizing inforamatrelevant to opportunity
recognition. Most decisions to start a new ventare quite complex and ask for the
access to information from more than a single sau@onsequently, individuals that plan
to engage in start-up activity need to pool infaiiorafrom a variety of sources. While
few persons may be able to search for this infaonabn their own, it is often more
expedient to get the information from knowledgeatileers (Davidsson & Honig, 2003).
Our results showed that information useful for apaity recognition may be most

effectively provided in networks characterized hyaltitude of weak ties and/or
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structural holes. Therefore, individuals should aeare of potential sources for
‘brokerage’ of information that leads to businessation. Put differently, individuals
should not only rely on their current network ofmtacts but extend their network by
bridging structural holes through brokerage medmaasi It should be noted, however,
that effective networking consumes a consideratvieumt of time and energy, especially
for individuals who are currently involved in alftime occupation. If networking fails to
provide a feeling about future business opportesjtisuch activities could be quite
frustrating to the potential entrepreneur. The ltesof this study should therefore
encourage regional authorities to invest resoutdsliilding and maintaining effective
network relationships among their residents. Thay ioe especially true when the region

has no strong tradition in terms of new businesatn.
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Table 1: Variation in the level of opportunity regrition across ‘residential areas’

% that perceived opportunities
Whole samplgRural location 20.4
Urban location 24.8
Big agglomeration38.9
Total 29.8
Belgium Rural location 16.6
Urban location 13.6
Big agglomeratiorn18.8
Total 16.7
Finland Rural location 35.3
Urban location 45.0
Big agglomerations7.9
Total 51.2
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Table 2: Descriptive statistics

Mean Std. Deviation Minimum Maximum
Opportunity recognition 0.3 0.4 0 1
Age 40.6 12.8 18 64
Gender 0.5 0.5 0 1
Education 2.3 0.7 1 3
Work status 0.7 0.5 0 1
Network closur 2.2 0.9 1 3
Country 0.3 0.5 0 1
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Table 3: Correlation table
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1 2 3 4 5 6
1.0Opportunity
recognition 1.00(¢
2.Age 0.007
3.Gender 0.077** | 0.027
4.Education .11z | -0.132*** | -0.041**
5.Work status 0.02¢ -0.050*** | -0.182*** 0.00:
6.Network
closure 0.17¢~** | -0.030 0.027 0.06¢** | -0.023
7.Country 0.35¢** | 0.018 0.004 0.237** | 0.020 0.277***

*** gignificant at p< .001
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Table 4: Results of the logistic regression anayBependent variable: Opportunity recognition)

Variables Variable categories Model 1 Model 2 Mdglel Model 4
Coefficient Wald | Coefficient Wald | Coefficient Wald Coefficient Wald
(std.error) (std.error) (std.error) (std.error)
Age .001 .07 -.002 .38 -.002 27 -.001 .05
(.003) (.004) (.004) (.004)
Gender -.281%** 10.36 | -.307*** 12.04 | -.312%** 12.18 -.353%** 13.99
(.087) (.088) (.089) (.094)
Education Secondary degree 55.89 45.15 19.53
(base case)
Some secondary .B652%** 21.34 | .644*** 20.28 137 .79
(.141) (.143) (.153)
Post secondary .692%* 51,92 | .618*** 40.11 A48+ 18.77
(.096) (.098) (.103)
Work status removed removed removed
Network closure Big agglomerate 58.78*** 16.65
(base case)
Rural location - 760*** 52.34 -.398*** 12.47
(.105) (.113)
Urban location -.548*** 22.07 -.382** 9.59
(.117) (.123)
Country 1.477*%* 224.79
(.099)
Constant - 473* 6.05 - 790*** 15.22 | -.409 3.82 -2.491*** 91.04
(.192) (.203) (.209) (.099)
Model Chi-Square 10.473 [2] 68.369 [3] 128.26D [ 362.251 [7]
Block Chi-Square 57.896 [2] 59.841 [2] 234.021
% correct 71.6 71.6 71.6 73.3
predictions
*** significant at p< .001; ** significant at g .01; **significant at g .05;" significant at g .10

36



Working Paper Steunpunt OOI : June 2004

Table 5: Logit regression results for Finland: Oppoity recognition by geographic region

Capital reg. & South Finland East Finland Middle Finland North &ird
Uusimaa
Controls Stepl| Controls StepTontrols Stepl| Controls Stepl Controls Stepl
Age .008 .002 .012 .008 -.005 -.0083 .005 .019 %060 .029
Gender .253 425 .220 331 .824* 712 -.295 -.512 -.076 -.426
Education| Secondarn
degree
Some -.587 .304 515 -.332 -.052
secondary
Post .074 -.252 .662 481 .583
secondary
Graduate .841 .975* 244 1.288* .319
degree
Work -.389 -.353 239 -1.233*X -.551
status

Here we report the regression coefficients

*** significant at p< .001; ** significant at g .01; **significant at g .05;" significant at g .10

37



